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How can we leverage the Segment Anything Model for the task of tree crown instance segmentation?
Can the models be improved by including task specific information in the form of the DSM?
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- Methods using SAM for inference without further tuning do
not outperform a simpler Mask R-CNN model trained
specifically for our task of interest.

- However when tuned properly, SAM components can be
leveraged to make it a powerful tool.

- Adding the DSM improves predictions of all models.
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